Recent ankle rehabilitation research has introduced the use of
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Figure #1: Range of motion (RoM) of the ankle joint [1]
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Figure #8: Positions of sensors [2]
e Evaluation Focus: Tested accuracy, responsiveness, and

effectiveness in real-time gait correction

e Data Collection: EMG and IMU data were analyzed across
multiple trials (see Fig. 8)

e SVM Performance: Achieved high precision in detecting
stance and swing phases

e GPR Effectiveness: Accurately estimated actuator torque
for smooth, adaptive assistance

Figure #10: Comparison of a normal person and an

ankle-impaired person’s motion, photos taken by driven adjustments, and rehabilitation pProgress tracking
e Clinical Application: Enhance usability for real-world medical
rehabilitation
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Accurate recognition of lower limb ambulation mode based on surface
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